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Abstract 
Domestic violence is currently a case that is easily exposed by the public. People can easily find many 

cases through social media. The latest case was experienced by a social media influencer, Cut Intan. 

This case has attracted public attention and is widely discussed on several social media, one of which 

is on the X app. With this phenomenon, an analysis of public sentiment towards domestic violence 

cases that occur in Indonesia is needed. The analysis was conducted using the Support Vector 

Machine algorithm, a classification algorithm that can classify values into certain classes and has a 

good level of accuracy. Experiments on analyzing public sentiment towards domestic violence cases 

using the SVM algorithm resulted in an accuracy score of 95%. The precision score for negative 

sentiment is 94%, neutral sentiment is 100%, and positive sentiment is 100%. The recall result for 

negative sentiment is 100%, neutral sentiment is 67%, and positive sentiment has a value of 77%. The 

results of the f-1 score on negative sentiment are 97%, 80% neutral sentiment, and 87% positive 

sentiment. While the percentage of community sentiment obtained is 84.40% having negative 

sentiment, 8.24% having positive sentiment, and 7.36% having neutral sentiment. 

Keywords: KDRT, support vector machine, sentiment analysis. 

 

1 Introduction 

Family is the smallest social unit in society and is the first place for humans to start life and 

establish relationships. A loving and harmonious family relationship is certainly the dream of every 

family. However, nowadays there are many complicated conflicts that occur due to incompatibility or 

misunderstanding between each other and family members [1]. The conflict that often occurs in 

families is none other than violence. The number of cases of violence in Indonesia recorded by the 

Ministry of Women's Empowerment and Child Protection from January 1, 2024, to August 16, 2024, 

has occurred in as many as 15,658 cases. The demographic data of violence, when viewed based on 

the place of occurrence, is divided into 9,600 cases occurring in households, 1,602 occurring in public 

facilities, 852 occurring in schools, 204 in the workplace, 16 cases in short-term educational 

institutions, and 3,367 cases in other places. Then, based on the gender of the perpetrators of violence, 

there were 10,417 male perpetrators and 1,315 female perpetrators [2]. So, based on these 

demographic data, men are the most common perpetrators of violence, and the household is the place 

where most violence occurs. Domestic violence is a common and serious social problem and relates to 

physical, psychological, or emotional abuse inflicted by someone in a domestic setting [3]. 

Domestic violence has become one of the issues in the social phenomenon of households that 

often occur throughout the world, including in Indonesia  [4]. One of the main causes of domestic 

violence is the lack of knowledge and understanding of the rights and obligations of spouses [5]. 

Domestic violence often targets women, particularly due to the patriarchal stigma that views women 

as powerless. Thus, men are often the perpetrators of violence in domestic violence cases [6]. In 

Indonesia, Law No. 23 of 2004 has regulated the Eradication of Domestic Violence (PKDRT), which 

should provide protection to women who are victims of domestic violence [7]. Domestic Violence 

Article 1 Number 1 states that "Domestic violence is any act against a person, especially women, 

which results in physical, sexual, psychological misery or suffering, and/or neglect of the household, 

including threats to commit acts, coercion, or unlawful deprivation of liberty within the scope of the 

household."[8]. However, in reality, such protection is still difficult to implement, such as one recent 
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incident that surfaced on social media and was experienced by celebrity Cut Nabila. This case 

provides an illustration of the struggle of a victim of domestic violence who seeks protection for 

herself and requires legal handling in following up on the perpetrator of domestic violence. This case 

has attracted a lot of public attention and has been widely discussed on social media, one of which is 

X. 

X is a social media brand renewal from the previous name, Twitter. X is a microblogging and 

social networking platform that focuses on short and concise messages and tweeting ideas, namely 

sharing thoughts and short updates with other users [9]. In general, X is used to share funny things, 

quote tweets, and repost in order to interact with other users, such as liking, responding, or sharing 

further [10]. The large and diverse user base of X makes X a platform rich in data sources for 

obtaining and understanding the dynamics of public opinion that are attractive to the public [11].  

Sentiment analysis is a branch of data mining that is used to analyze, process, and obtain textual data 

from entities such as services, products, individuals, organizations or specific topics [12]. In this 

study, the Support Vector Machine (SVM) algorithm will be used to analyze public sentiment 

regarding domestic violence cases. The SVM algorithm was chosen because this algorithm can 

classify values into certain classes and has a better level of accuracy than other algorithms [13]. With 

this SVM algorithm, it is expected to be able to identify dominant sentiments and understand how 

information trends regarding domestic violence cases develop in X. 

Thus, this research on sentiment analysis aims to provide insight into public opinion on domestic 

violence cases and how these cases affect public opinion. This research also aims to evaluate the level 

of accuracy of the SVM algorithm in classifying sentiments on domestic violence cases from data X. 

The benefits of this research can contribute to understanding how information about domestic 

violence cases is spread on social media and how the public reacts to this information. Thus, this 

research is expected to be a reference in managing and responding to information about domestic 

violence cases circulating on social media. 

 

2 Literature Review 

Previous research on sentiment analysis using the SVM algorithm has been done a lot before, 

such as one by Rian Tineges, Agung Triayudi, and Ira Diana Sholihati in 2020, entitled "Sentiment 

Analysis of Indihome Services Based on Twitter with the Support Vector Machine (SVM) 

Classification Method." The study explains the SVM algorithm in analyzing sentiment regarding the 

opinions of Indihome service users on Twitter. This study used 450 tweet data, with test results of 

18.4% for positive sentiment and 81.6% for negative sentiment. Thus, the number of positive 

sentiments was 83 tweets, and negative sentiments were 367 tweets. Then, it was evaluated against 

the test data to determine the level of predicted data error of 13%. Thus, the level of accuracy given is 

87% accuracy, 86% precision, 95% recall, and 90% f1-score [14].  

Then, another study on sentiment analysis using SVM was conducted by Primandani Arsi and 

Retno Waluyo in 2021, entitled "Sentiment Analysis of Discourse on Moving the Indonesian Capital 

City Using the Support Vector Machine (SVM) Algorithm." The results of the study provide 

sentiment classification results into two classes, namely positive and negative. The results of the test 

carried out on the sentiment of moving the capital city as many as 1236 tweets with a division of 404 

positive and 832 negative gave an accuracy result of 96.68%, recall of 94.04%, and AUC of 0.979% 

[15]. 

Then, another study on sentiment analysis and discussing domestic violence and sexual 

harassment was conducted by Brescia Ayundina Yuniarossy, Kartika Maulida Hindrayani, and 

Aviolla Terza Damaliana in 2024, entitled "Sentiment Analysis of Feminism Issues on Twitter Using 

the Convolutional Neural Network (CNN) Model." This study aims to identify sentiment patterns 

towards Twitter users regarding feminism issues, especially domestic violence and sexual harassment. 

The results of this study indicate that cases of sexual harassment receive higher sentiment than cases 

of domestic violence. With an accuracy value of 86% for sexual harassment and 82% for domestic 

violence [16]. 

Thus, based on previous research, it is known that sentiment analysis in the case of Indihome 

services and the relocation of the capital using the SVM algorithm often provides higher accuracy 

results, compared to domestic violence cases using CNN. And research on sentiment analysis of 
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domestic violence cases using the SVM algorithm has not been carried out by previous researchers. 

Especially the domestic violence case discussed in this study concerns the case of one of the 

celebrities that shocked the public, so the sentiment in this study will focus on the domestic violence 

case of the celebrity. Therefore, researchers are interested in raising the topic of public sentiment 

analysis regarding domestic violence cases using the SVM algorithm. 

 

3 Research Method 

Methodical approach was developed in order to fully meet the objectives of this study. This 

methodology ensures each step, from data collection to the final analysis, is meticulously designed for 

clarity and accuracy. Figure 1 is an illustration of the complete research method framework employed 

in this study. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 1. Research method 

 

Figure 1 Research Method displays the sequence of phases involved, illustrating how each step 

interconnects to support the progression of the research process. The initial stage is to collect data 

about domestic violence cases through social media X. This data collection stage is carried out by 

crawling using Python programming language. The crawled data are tweets that have the keyword 

domestic violence from August 15, 2024, to August 18, 2024, with a total of 1252 data points, where 

discussions about the domestic violence case of celebrity Cut Intan are currently being widely 

discussed on social media X to become a trending topic on social media X. At this stage, the data that 

has been obtained is stored in CSV format, which will then be used in the data labeling stage.  

Before labeling, it will enter the pre-processing stage. The preprocessing stage consists of various 

processes such as case folding, filtering, tokenizing, stopword removal, and stemming. Case folding is 

the stage of changing all data to lowercase, then filtering is the stage of cleaning data from 

punctuation or symbols or URLs that are not needed, then the tokenizing stage is the stage of breaking 

text into words, the next stage is the stopword removal stage is the stage of removing words that often 

appear but do not buy important information such as "yang", "this", "that", "and", etc., and the 

stemming stage is the stage that changes words to their basic form. Then, it will enter the data labeling 

stage with data that has been cleaned in the preprocessing stage, then the data will be divided based on 

negative, positive, and neutral sentiments. The sentiment labeling will be based on the score obtained 

for each data. If the score >= 0.05 then it is included in positive sentiment, if the score obtained = 0 

then the sentiment becomes neutral, and other than the two provisions it will become negative 

sentiment. 

The next stage will be classification using the support vector machine (SVM) algorithm. Python 

will train the model using training data, and then the results will be predicted using test data. After 

testing, the model evaluation will be carried out by providing accuracy results and reports of 

precision, recall, f1-score, and support. After obtaining the accuracy of the results from SVM, then 

Data Collection Data PreProcessing 

Labelling Sentiment 
Model Topic 

Establishment 

Result Analysis and 

Evaluation 
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visualization will be carried out using a diagram that will show the percentage of each sentiment, 

confusion matrix, and wordcloud. 

 

4 Results and Analysis 

The data obtained from the crawling process were 1252 tweets based on data collection since 

August 15, 2024. The reason for choosing August 15, 2024, was because since that date, domestic 

violence has become a trending topic on the X application and has become the number 1 most tweeted 

due to the domestic violence case experienced by celebrity Cut Intan. The results of the data crawling 

are shown in Figure 2. 

 
Figure 2. Crawling data 

 

After carrying out the crawling process, it will then enter the first preprocessing stage, namely 

case folding, which will change all data into lowercase letters in Table 1. 

Table 1. Case folding 

Before Case Folding After Case Folding 

Sulit maksa orang yg kdrt buat berobat. 

Apalagi kalo pelaku kdrt jg ternyata dia 

selalu merasa dirinya benar. Apesnya 

malah ternyata dia NPD dan baru 

ketauan karena korban memberanikan 

diri ke psikolog dan psikiater. 

sulit maksa orang yg kdrt buat berobat. 

apalagi kalo pelaku kdrt jg ternyata dia 

selalu merasa dirinya benar. apesnya malah 

ternyata dia npd dan baru ketauan karena 

korban memberanikan diri ke psikolog dan 

psikiater. 

After the case folding stage, then filtering will be carried out, which is the stage of cleaning data 

from unnecessary punctuation, symbols, or URL. The filtering results can be seen in Table 2. 

Table 2. Filtering 

Before Filtering After Filtering 

sulit maksa orang yg kdrt buat berobat. 

apalagi kalo pelaku kdrt jg ternyata dia 

selalu merasa dirinya benar. apesnya 

malah ternyata dia npd dan baru ketauan 

karena korban memberanikan diri ke 

psikolog dan psikiater. 

sulit maksa orang yg kdrt buat berobat 

apalagi kalo pelaku kdrt jg ternyata dia 

selalu merasa dirinya benar apesnya malah 

ternyata dia npd dan baru ketauan karena 

korban memberanikan diri ke psikolog dan 

psikiater 

The next stage, after the filtering stage, is tokenizing, which is the stage to break the text into 

words. The tokenizing results can be seen in Table 3. 

Table 3. Tokenizing 

Before Tokenizing After Tokenizing 

sulit maksa orang yg kdrt buat berobat ["sulit", "maksa", "orang", "yg", "kdrt", 
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apalagi kalo pelaku kdrt jg ternyata dia 

selalu merasa dirinya benar apesnya 

malah ternyata dia npd dan baru ketauan 

karena korban memberanikan diri ke 

psikolog dan psikiater 

"buat", "berobat", "apalagi", "kalo", "pelaku", 

"kdrt", "jg", "ternyata", "dia", "selalu", 

"merasa", "dirinya", "benar", "apesnya", 

"malah", "ternyata", "dia", "npd", "dan", 

"baru", "ketauan", "karena", "korban", 

"memberanikan", "diri", "ke", "psikolog", 

"dan", "psikiater"] 

 

After tokenizing, the stopword removal stage will be carried out, which is the stage of removing 

words that often appear but do not contain important information. The results of stopword removal 

can be seen in Table 4. 

Table 4. Stopword removal 

Before Stopword Removal After Stopword Removal 

["sulit", "maksa", "orang", "yg", "kdrt", 

"buat", "berobat", "apalagi", "kalo", 

"pelaku", "kdrt", "jg", "ternyata", "dia", 

"selalu", "merasa", "dirinya", "benar", 

"apesnya", "malah", "ternyata", "dia", 

"npd", "dan", "baru", "ketauan", "karena", 

"korban", "memberanikan", "diri", "ke", 

"psikolog", "dan", "psikiater"] 

["sulit", "maksa", "orang", "kdrt", "buat", 

"berobat", "apalagi", "kalo", "pelaku", 

"kdrt", "ternyata", "selalu", "merasa", 

"dirinya", "benar", "apesnya", "malah", 

"ternyata", "npd", "baru", "ketauan", 

"karena", "korban", "memberanikan", 

"diri", "psikolog", "psikiater"] 

Then, after doing stopword removal, the stemming stage will be carried out, which is a stage that 

will change words to their basic form. The stemming results can be seen in Table 5. 

Table 5. Stemming 

Before Stemming After Stemming 

["sulit", "maksa", "orang", "kdrt", "buat", 

"berobat", "apalagi", "kalo", "pelaku", 

"kdrt", "ternyata", "selalu", "merasa", 

"dirinya", "benar", "apesnya", "malah", 

"ternyata", "npd", "baru", "ketauan", 

"karena", "korban", "memberanikan", 

"diri", "psikolog", "psikiater"] 

["sulit", "maksa", "orang", "kdrt", "buat", 

"obat", "apalagi", "kalo", "pelaku", "kdrt", 

"nyata", "selalu", "rasa", "diri", "benar", 

"apes", "malah", "nyata", "npd", "baru", 

"tau", "karena", "korban", "berani", "diri", 

"psikolog", "psikiater"] 

After the preprocessing stage is done, the data will be labeled. The preprocessed data will be 

divided based on positive, negative, or neutral sentiment. The labeling results can be seen in Table 6. 

Table 6. Labelling 

Text Labeling 

sulit maksa orang kdrt buat obat apalagi kalo 

pelaku kdrt nyata selalu merasa diri benar 

apes malah nyata dia npd baru tau karena 

korban berani diri psikolog psikiater 

Negatif 

kenapa allah suruh sabar syukur dalam hidup  

karena nyata sabar syukur berat ketika kasih 

ujian tidak enak harus sabar  

Positif 

salam malaysia nak tanya KDRT apa? Netral 

 

The next stage, after obtaining sentiment on each data, is that the classification will be carried out 

using the SVM algorithm. Before being tested using SVM, the data will be divided into training data 
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and testing data, with a total of 20% training and 80% testing. After classification with SVM, the 

accuracy results are obtained as in Figure 3. The accuracy result obtained is 0.952. For negative 

sentiment, the precision value is 0.94, recall is 1.00, and f-1 score is 0.97. Then for neutral sentiment, 

the precision value is 1.00, recall is 0.67, and f-1 score is 0.80. For positive sentiment, the precision 

value is 1.00, then recall is 0.77, and f-1 score is 0.87. Then, after obtaining the accuracy value from 

the labeling results, we will visualize the sentiment labeling results using a pie chart. The percentage 

of each data point will be grouped based on negative, positive, and neutral sentiment. A visualization 

of each sentiment will show the magnitude of the division between sentiments. 

 
Figure 3. SVM algorithm accuracy 

 

Based on Figure 4, it can be seen that negative sentiments obtained the largest percentage result 

in domestic violence sentiment of 84.40%, followed by positive sentiments with a total of 8.24%, and 

neutral sentiments obtained the smallest result of 7.36%. The results of this visualization show that X 

users gave more negative sentiments in domestic violence cases that were the topic of conversation at 

that time, followed by positive sentiments. Positive sentiments tend to contain prayers and good 

wishes for victims of domestic violence. Then the last is that neutral sentiments in domestic violence 

cases are very few. This neutral sentiment shows that the words of the tweet do not lead to negative or 

positive sentiments. Thus, this shows that X users are more likely to not support and tend to give 

negative sentiments towards domestic violence cases. 

 
Figure 4. Pie chart sentiment 

 

Furthermore, the sentiment results will also be visualized using a confusion matrix. In the 

confusion matrix-SVM, a comparison between the predicted labeling and the actual label can be seen. 

The results of the confusion matrix can be seen in Figure 5. 
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 The visualization results using the confusion matrix in Figure 5 show that the actual negative 

and predicted negative values are 103, the actual negative and predicted neutral values are none, and 

the actual negative and predicted positive values are none. Then, the actual neutral and predicted 

negative values amount to 3, the actual neutral and predicted neutral values amount to 6, and the 

actual neutral and predicted positive values do not exist. Furthermore, the true value of positive and 

predicted negative is 3, the true value of positive and predicted neutral is 0, and the true value of 

positive and predicted positive is 10. 

 
Figure 5. Confusion matrix SVM 

 

The next visualization can be seen through the word cloud in Figure 6, which can show the most 

talked-about words in domestic violence cases. The more people talk about it, the bigger the word will 

be in the word cloud, and vice versa. As can be seen in Figure 6, words such as Domestic Violence, 

Children, and Victims of Domestic Violence are the most mentioned words in domestic violence 

cases, as well as Cut Intan Nabila, who was a victim in the domestic violence case in this study. 

 
Figure 6. Word cloud visualization 

 

Thus, this study shows that in cases of domestic violence, X users provide more negative 

sentiments, such as angry sentences directed at the perpetrators of domestic violence, then followed 

by neutral sentiments which usually refer to sentences that do not show positive or negative 
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sentiments related to cases of domestic violence, while positive sentiments usually refer to good 

sentences and prayers directed at victims of domestic violence.  

5 Conclusion 

This study conducted a sentiment analysis of the community towards domestic violence cases on 

the social media application X. Based on 1252 tweets from the community on the X application, it 

was found that 84.40% had negative sentiment, 8.24% had positive sentiment, and 7.36% had neutral 

sentiment. The classification results using the SVM algorithm produced an accuracy score of 95%. 

The precision score for negative sentiment was 94%, neutral sentiment was 100%, and positive 

sentiment was 100%. The recall result for negative sentiment was 100%, neutral sentiment was 67%, 

and positive sentiment was 77%. The f-1 score result for negative sentiment was 97%, 80% neutral 

sentiment, and 87% positive sentiment.  
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